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Can Artificial Intelligence Mirror the Human’s Emotions?

A Comparative Sentiment Analysis of Human and Machine Interpreting
in Press Conferences

The advancement of machine interpreting (MI) has the potential to revolutionize the field of interpreting.
However, concerns persist regarding the capacity of MI to accurately convey emotions in original discourse,
especially in high-stakes settings such as press conferences. To address this, the present study investigates the
sentiment mediation in HI and MI when rendering source speeches during press conferences. Employing the
Linguistic Inquiry and Word Count (LIWC), specifically LIWC2015 and LIWC-22, a comprehensive sentiment
analysis was conducted on a self-built corpus comprising Chinese source speeches and their corresponding
English interpreting produced by human interpreters and machines. The findings reveal that both HI and MI
demonstrate a comparable capacity to convey sentiments, with MI exhibiting human-like patterns in handling
emotional content in original discourse. However, compared to human interpreters, MI plays a more active role
in attenuating negative emotions while accentuating positive emotions. These results underscore the enhanced
ability of Al-powered MI to emulate human interactions and generate renditions that align with human values,
highlighting its potential to effectively facilitate crosslinguistic communication. The study contributes to the
growing body of research on the impact of interpreting technology on communication dynamics and the evolving

nature of interpreting in the Al era.
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RH—ESE.

A translation study on lexical bundles of translated text:
A comparison of learners, professional translators,
and Al-generated translation

FEETAFPIENEFR & A

BREBEAFAESR = 8

This corpus-based study examines the structural and functional features of lexical bundles in Chinese-to-
English translations produced by learners, professional translators, and artificial intelligence (AI). Through
analysis of a comprehensive translation corpus comprising both literary and non-literary texts, we extracted
three-word lexical bundles using n-gram modeling and classified them according to frameworks established by
Biber (2004) and Jiang and Hyland (2024). Our structural analysis categorized bundles into four types: verb
phrase-related, clause-related, noun/pronoun/preposition-related, and other bundles (adjective and adverbial
related). Functionally, bundles were classified as descriptive expressions, discourse organizers, or stance
markers. The findings reveal significant differences among translator groups : Al-generated translations contain

more lexical bundles overall, with a higher proportion of noun/pronoun/preposition-related structures and

1 LS FEURER)
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descriptive expressions compared to human translations. Professional translators demonstrate the lowest reliance
on high-frequency bundles, suggesting greater lexical diversity in their translations. Learners show stronger
tendencies to use comparative signals and transitional signals within discourse organizers compared to Al. Genre
analysis indicates that non-literary texts consistently exhibit higher frequencies of high-frequency bundles across
all translator types, while literary translations display greater lexical variety. These findings have important
implications for translation pedagogy, Al literacy, and the development of more sophisticated natural language

processing technologies.
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. (1) ALFEAH ChatGPT EAMIRAE LR, IFERER R BREIR=FERE; (2) &E
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F ChatGPT 1EA, JEERLIMMNEREFEIE SEEIIET ChatGPT 1EX; (3 ) AKIFERIZES1EUEAEN
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Convergence and Divergence in Chinese—-to—English
News Translation: A Multi-Dimensional Analysis

FRAFINEEFD: e &= N F F

News translation plays a crucial role in cross-cultural communication, yet its mechanisms of discourse
reconstruction have long suffered from limited theoretical exploration and methodological support. This study
introduces Multidimensional Analysis (MDA) into the field of news translation by building a Chinese-English
comparable corpus of over one million tokens. Through a cross-dimensional comparison of translated and non-
translated news texts, the study draws on more than one hundred linguistic features to examine variations across
seven dimensions, including formal conventions, narrative strategies, and rhetorical involvement. The findings

help develop a more comprehensive framework for analyzing discourse in translated news. Results show that
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Chinese-to-English news translation involves a dual mediation process: it adheres to international journalistic
norms while adapting global discourse for local readers through strategies such as syntactic simplification,
explicit argumentation, and referential shifts. This dynamic negotiation highlights the translator’s central role as
a re-editor, balancing the authority of the source text with the cultural and cognitive expectations of the target

audience.
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RAKBIRESERRMIEEIIARRE . WHERY SEERIBANARNDERI SENERA
NEREE, HRESREENKNSESINERREMIIINASE
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ETH, WR=EBTURERTRIEENSBERE. HREAN, ROSZSFEEEEICKE. X EE.
B9, 1B BT BEERBIERIMMINR . =M T EEIEFIORNE—ERRBFIIAR
&, BAFO—SH DeepSeck (ENMMERMAONEFTNIESRE, TIRES KA LI E KAV
BEESHEFRISEEHNSF . ChatGPT F DeepSeek 1FEMAHRIM L—E XU ERINERREESIERE
BEE ., IRFEPATRRERARGE—CI2E LM BES S8, BAEEEER. XHESH
INFTFNERSRIR S EINFERABRYE, SEUMBMRIOELTIRE . ROF U RN Fa0HE
i, EERTERRBRIEN, AINRREEBIIERIERE, e XMERBdInEFEEE

FERESF.

Does LLM Translation Align with Translation
Universals ? A Cross—Genre Simplification
Study on English—Chinese Translation Based on
Dependency Grammar

BRXRFINEF I Z=FR

This study examines the presence of simplification, a translation universal (TU), in English-to-Chinese
translation by comparing the Mean Dependency Distance (MDD) and Mean Hierarchical Distance (MHD)
of crowdsourced human translations, Large Language Model (LLM) translations, and original Chinese texts
across fifteen genres. Through analysis of three balanced comparable corpora, the research found that: (i)
Compared to original Chinese texts, both human-translated and LLM-translated Chinese texts demonstrated
significant syntactic simplification across all genres. (ii)) Human translations exhibited a more pronounced
tendency toward syntactic simplification than LLM translations across all genres. These findings not only
validate the simplification hypothesis at the syntactic level but also highlight the different cognitive and
processing mechanisms underlying human and LLM translation processes. The research indicates that human
translators possess an active ability to optimize complex syntax that current LLMs lack, providing valuable
reference for future development of LLMs and methods for LLM-assisted translation. Additionally, by
adopting MDD and MHD as holistic measures of syntactic complexity, this study offers new perspectives
for TU research and crowdsourcing translation quality assessment from an English-to-Chinese translation

perspective.
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EFERERN (Ki) RFREBILLHAT

ERUTIKELEFFRER  FHIX

(EFHARE - KO)) EFEFEAEEHTERGEZNIRICHE . AL 1963 F “1BIEHR"
(Z@) AEREA, LU =EE. XRNE=SMmEAEAMRNS, BINESMENESRE
L. IBEBDINENMRBINXRRENBTHTER, Mg (X)) NEXAP S BRI TE
EBFEEETTE. FRAM, 1) fFAK TTR. MATTR 50 385HIFESIMENZ. Bl SOEA;
2) AIEMAE, BB - SHEFIRIKF (Flesch-Kincaid Grade Level ) # Flesch [FIEEEE S
( Flesch Reading Ease Score ) 18R, AIZEFRAFIEREM, . MFNHEEXRL; 3) EFREIESE
M T, PAEZERXMEIAZEN, BF 7= (X)) BANERIIRE, RARNEFIRER
BRI EXHER.

Comparing English Translation of Forward
Causal Connectives in Tao Te Ching by Al and by
Human Translators

RESEEARFREF S R 7

In line with current research on causal connective translation, this study examines the English translation
of forward causal connectives in Tao Te Ching by comparing outputs from two Al tools and nine human
translators. Through parallel corpus analysis and statistical evaluation, we found the translation strategies
of Al tools and human translators vary depending on the nature of the causal relationships (objective vs.
subjective). Specifically, while both approaches converge in rendering objective causal relationships, Al
tools diverge from human translators in subjective contexts by adhering rigidly to literal interpretations. This
tendency risks miscommunicating inductive reasoning to readers from deductive-culture backgrounds. These
insights underscore the importance of enhancing Al’s capacity to handle context-dependent causal logic

in translation.
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EE, WRSZMSHIERAER . MENS SEBEXWRIRTREIREER, BRSER, T8IF
EHWULIERIFFRIERIM B RASHAITER . BETEROIESR, REBFURIEICEERENE TN
TS, PIMBIEREEREYHIRIETRIREEM SR, WEESWENETHIREI
AR, BREEIRFR. XUENSZRNER=RORNT . RARNMUAZAPEZEFRIFER
MTRBRE, DBSENESTTSIURIBICRIES, NIERIIARIENEIOTRM TR

Who's Afraid of Large Language Models ?
Bridging Normalisation Effect and (In ) visibility
in the Digital Era

PRAFINEEZR = (E

While the widespread use of machine translation has facilitated communication across language barriers
but diminished the perceived value of translation. This study investigates the socio-cognitive underpinnings of
linguistic choices in human translation compared to outputs generated by neural machine translation (NMT)
engines and large language models (LLMs). Employing t-SNE visualisation and random forest modelling, the
analysis examines the normalisation effect in Chinese-to-English translations across multiple linguistic variables
shared by both languages. Results show that NMT exhibits the strongest normalisation tendency, while LLMs
deviate more from target-language norms. Additionally, NMT relies on additive connectives, whereas LLMs
favour punctuation to indicate sentential relationships. These differences highlight human translators’ sensitivity
to cultural norms but raise concerns about their increasing invisibility due to MT’s human-like outputs. To
counteract this, human-machine collaboration is proposed to strike a balance between maintaining human

translators’ visibility and meeting the growing demand for translation services in a digital era.
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JCREBEBRF AN FRE  Z=EE
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HEREIA M. FEEEDZINESHNFRESENERNXEFZTER ., RETHEE ‘7" /Y
1B CFZEEHE change. transformation ] turbulence B MaCASEHEAMESEARE . “BEREZK
TE" ARENBINEAFFESMFES, RHFESEA “BE1E" + change (s) + unseen/not seen
in a century/100 years f94514, MEINMERRNFEENEK, BIREERZ “X” M5, BLRBEE
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TR NRFEBINTERAFIEET S, TEEPEEE. BEMFE. BE. JEAFIF]
FINRELERFEERA . BINRANT “BFEREZIAERE" REEZFMWEFELZI S TTHAFLE,
BEREFE, BEE “ATR" 5= FLEHNRERISFERINETIREE,

Negotiating Legal Concepts in Al-aided Translation:
Asymmetry and Repair via Actor—Network Theory

PEBGERZINENEZ BN FEF

Given that Al-aided translation is widely applied across all industries, legal translation has its own
exceptionality. The translation of civil law concepts like £ Z BV 15 (bona fide acquisition) and Z& I 1 I8
(apparent agency) into common law systems exposes profound conceptual asymmetry, where Al tools flatten
nuanced jurisprudential constructs into oversimplified equivalents—e.g., reducing Z& I 1% I to agency by
estoppel erases its active authority-vesting nature in Chinese civil law. Similarly, testamentary phrases like
“give, devise, and bequeath” in common law wills, when mechanically rendered as Chinese 185 (donation),
obscure historical discourse patterns critical to inheritance validity, as seen in a $2M estate dispute where
mistranslation invalidated a bequest. Such distortions, recurrent in annotated corpora of court judgments and
Al outputs, stem from training biases favoring dominant legal traditions. To deconstruct these asymmetries,

this study deploys Actor-Network Theory (ANT) framing human-Al collaboration as a network of “translator-
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glossary-legal effect” actors. Previous studies suggested using culture anchor points (e.g., pop-up annotations
comparing 2 W{CIE with apparent authority doctrines) demonstrate their role as non-human actors stabilizing
concept transfer. While anchors mitigate certain errors, translator adoption faces resistance due to workflow
disruption, highlighting tensions between technical precision and ergonomic efficiency. Persistent omissions
of context-specific nuances (e.g., ZNE#) exceptions in acquisition clauses) further underscore accountability
ambiguities. Consequently, a lexical negotiation protocol is proposed that Al triggers comparative law

annotations upon detecting high-risk terms, while translators dynamically adapt or modify suggestions.
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(EFEREEERR ) RFENDEFHISEFERIEHAR
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FELAFINEEZR REF
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I ARG &fE, AEET A TFEANECERMBERBNOEI “LIEAE. eI 1
HMERIFEEN

Simplification in Machine Translation with LLMSs:
An entropy—based study of ChatGPT Translations
Compared to Neural Machine Translation and Human
Translation Across Genres

EBRBAFINEEF R XIFHE

This study investigates the phenomenon of simplification in translations across Human Translation

(HT), neural machine translation (NMT), and large language model (LLM)-based translation, ChatGPT
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as an example. Employing entropy-based metrics to assess lexical and syntactic complexity, the research
analyzes translations across three genres: news, fiction, and academic texts. Findings reveal that news and
academic texts exhibit lexical simplification, and texts of all genres show a syntactic simplification trend,
with the simplified degree varying across translation modes. While genre exerts minimal influence on lexical
complexity, it significantly impacts syntactic complexity, with academic texts showing the lowest and fiction
the highest complexity levels. Notably, ChatGPT’s translations always maintain more lexical complexity that
its translations have higher unigram entropy than Neural Machine Translations, while syntactically complex
are not consistent across genres. These results challenge the notion of simplification as a universal feature of
translation, instead highlighting its probabilistic nature influenced by translation mode and genre. The study
underscores the efficacy of entropy-based measures in capturing nuanced differences in translation complexity
and advocates for a modal approach to translation studies that accounts for the unique characteristics of various

translation methods.
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A Corpus—Based Analysis of the Discourse
Construction in British Mainstream Media Reports on
the “Belt and Road” Initiative

ENFRINEEFR ERIB

Based on the LexisNexis news database, this study selects reports on the Belt and Road Initiative
(BRI) published in The Guardian, a leading British mainstream media outlet, between September 2013 and
May 2025 to construct a small-scale corpus. Using the corpus analysis tool LancsBox 6.0, it extracts high-
frequency words, high-frequency three-word clusters, and their collocational patterns to examine how The
Guardian has constructed discourse mode of the BRI over time and how its stance on the initiative has evolved.
Analyzing the shifting perceptions of the BRI in mainstream British media provides valuable insights into
the dynamics of international public opinion. Such analysis can inform China’s strategic communication
efforts, thereby enhancing the BRI’s international discourse power, external narrative capacity, and

global influence.
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A Comparative Study of the Mental Verb Xiang in
Translated and Original Chinese

ICRINEERFPEINESHEMRFTTL HiwE  XIREH

Mental verbs are pervasive across languages in denoting human mental states and processes. Among their
notable linguistic characteristics, argument inversion has been widely recognized as a syntactic peculiarity,
attracting considerable scholarly attention. Early studies, such as those by Lakoff (1966, 1970), treated the
syntactic irregularities of mental verbs as exceptions to the patterns of regular verbs. In addition to syntactic
concerns, mental verbs have been investigated across discourse, semantic, and pragmatic domains from
multiple perspectives. Notably, it is observed that they exhibit considerable flexibility in translation; however,
systematic investigations of their behavior in translated texts remain limited. While translated language is only
one of the indicators of distinct ways of thinking across cultures, as the ‘third code’, it provides valuable insight
into the nuances of mental processes that the source and target languages may not reveal. This study explores

the linguistic features of mental verbs in both translated and original Chinese by multifactorial analysis, using
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the verb xiang as a representative case. Xiang is selected as the case of interest for its rich polysemy (Wu et
al., 2021) and high frequency among mental verbs. Data for original Chinese are drawn from the Lancaster
Corpus of Mandarin Chinese (LCMC) (McEnery & Xiao, 2004), and data for translated Chinese are sourced
from the ZJU Corpus of Translational Chinese (ZCTC) (Xiao et al., 2008). The study aims to examine whether
significant differences exist in the linguistic features of xiang between translated and original texts, and how
these features interact to influence its usage across the two varieties. It is expected to contribute to translation

practice and the understanding of linguistic and cognitive variation through translation-induced change.
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Mediating intensity in political discourse:
A corpus—based analysis of adverbs of degree
in Chinese—to—English translation

MRAFINEEFR: T8 £ 8 EER

Adverbs of degree indicate the intensity or degree of qualities and processes. Their usage in political
discourse can reflect ideological stances and communicative strategies. This article investigates adverbs of
degree in Chinese-to-English translation of political discourse and the underlying factors affecting the translation
through a corpus-based discourse analysis. The data consists of the book The Governance of China 1V, a
compilation of spoken and written works of Xi Jinping, and political speeches from the website Interpret:
China. Adverbs of degree are analyzed according to their modifying categories, polarity and intensity. The
results show significant translation shifts in adverbs of degree despite the canonical principle of faithfulness
in political discourse translation. Notably, positive up-scaling adverbs of degree modifying the Self-category
in the original texts tend to be weakened by Chinese translators of The Governance of China. Yet the strategy
of weakening is seldom adopted by non-Chinese translators of discourse on Interpret: China. Possible factors
leading to the weakening of cross-cultural communication include differences between Chinese and English in
their communicative conventions and typological differences, as well as ideological considerations influenced

by the international political context.
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Bridging Standards and Souls: A Grammatical
Fingerprinting Approach to Personalized Translation
Assessment through Ablation Studies Utilizing Large

Language Models

MM AAZINEEF e T 5

Despite the comprehensive translation competency descriptions provided by the China Standards of
English Language Ability (CSE), practical integration of these standards into translation pedagogy remains
challenging. Current automated scoring systems lack personalized feedback mechanisms and pedagogical
adaptability, failing to address diverse student learning needs effectively. This study aims to investigate
how large language models can perform automated translation assessment within the CSE framework by
incorporating local grammatical dimensions to explore individual students’ translation styles, habits, and
preferences, thereby achieving personalized instruction. The core research will conduct an ablation experiment
examining three key dimensions: syntactic pattern recognition, which analyzes students’ preferred sentence
structures and grammatical constructions to identify individual syntactic fingerprints; lexical choice profiling,
which examines vocabulary selection patterns and semantic field tendencies characterizing each student’s
translation approach; and pragmatic strategy analysis, which investigates discourse-level choices and
cultural adaptation strategies reflecting individual translation philosophies. Through systematic removal and
reintroduction of these dimensions, the study will determine their respective contributions to personalized

assessment accuracy and pedagogical effectiveness within the CSE framework.
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Shaping Academic Discourse: A Multidimensional
Analysis of Translated and Original Chinese Texts

EBREAFINEES T SR

While considerable attention has been given to the stylistic characteristics of academic texts in Chinese
and English, fewer studies have examined how original Chinese academic writing relates to its translated
counterparts and the English source texts over time. This study employs Biber’s multidimensional analysis
to explore the latent dimensions and diachronic correlations of these text types from the 1930s to the 2010s.
It identified seven factors: F1 (impersonal exposition vs. indefinite narration), F2 (progressive marker vs.
conclusive marker), F3 (gradient stance), F4 (polarity assertion vs. neutral information), F5 (involved

vs. informational production), F6 (logical explicitness vs. lexical diversity), F7 (cautious interpretation).
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Spearman correlation and Welch-t tests further reveal that in Traditional disciplines, translation vs. original
correlations follow a U-shaped trajectory (p = 0.54, 0.21, -0.04, 0.43), with significant differences in early
structural/interactive dimensions (F2, F5, F6) but not in contemporary times; English vs. original correlations
remain weakly negative (p = -0.29) except in contemporary times, indicating native academic independence.
In Emerging disciplines, translation vs. original correlations form an inverted J-shape (p = 0.32, 0.04,
-0.54, -0.07), with significant differences in early objective/structural dimensions (F4, F6) that disappear
in contemporary times; English vs. original correlations shift from zero to weakly positive (p = 0 to 0.179),
showing selective absorption by original Chinese. These findings reveal that translations variably influence
traditional (cyclical adaptation) and emerging (pioneering convergence) disciplines, providing empirical data

for understanding the modernization of Chinese academic discourse.
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A study on subjectivity features across different genres

of Chinese audio description: From short films and
documentaries to museums

REIMNEERFEF  2FRIK

Audio description (AD), a form of intermodal translation within Audiovisual Translation, provides
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essential visual information for visually impaired audiences, enhancing their comprehension and engagement
with audiovisual content. While traditional AD guidelines emphasize objective narration, recent research
has begun to recognize the potential functions of subjectivity within AD practices. Building on this
discussion, this study investigates the subjective descriptions in Chinese AD across three types: short
films, documentaries, and museum AD. Through corpus analysis using ATLAS.ti software, this study
examines AD scripts and reveals that subjective descriptions are widely used in Chinese AD, serving diverse
purposes such as emotional expression, narrative supplementation, and cultural interpretation. Quantitative
findings further indicate that content attributes and stylistic features, rather than genre alone, have a
greater impact on the degree of subjectivity. These results highlight the need for a more flexible, content-
sensitive approach to the standardization of Chinese AD, moving beyond rigid objectivity norms. The study
contributes empirical evidence toward localized AD development and offers insights for advancing global

standardization efforts.
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